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ABSTRACT

SENTIMENT ANALYSIS OF INDONESIAN LOW COST GREEN CARS WITH
TWITTER DATA

By

Avin Mohanza Kasim
James Purnama, M.Sc, Advisor
Alva Erwin, M.Sc, Co-Advisor

SWISS GERMAN UNIVERISTY

Social Media has become a critical source for marketing’s tool to obtain varies
analysis research and results and sentiment analysis includes as an example.
Sentiment Analysis is an analysis method for determining classifications of
data sets into two classes; positive and negative. This research examines the
sentiment analysis of Low Cost Green Car such by using tweets for measuring
the satisfaction of people; focused on those who lived in Indonesian region,
opinion and implicit facts of Low Cost Green Car. This research will conclude
the study of sentiment analysis of tweets and methodology of retrieving the
sentiment analysis regarding to Low Cost Green Car in Twitter. The insight
from gathered tweets will be processed to retrieve the tendency of public’s
sentiment for each model such as Toyota Agya, Brio, Karimun, etc. The final
result of this research may assist concerned industries and companies for

later decision of their products, marketing strategy and business plan.
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